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3.2 Methods Compared

(1) [LR. Logistic Regression [15]. It is a generalized linear model.

(2) FM. Factorization Machine [14]. It models both first-order
feature importance and second-order feature interactions.

(3) DNN. Deep Neural Network. Its structure is in Figure 1(a).

(4) W&D. The Wide&Deep model in [2]. It combines a wide
component (LR) and a deep component (DNN).

(5) MA-DNN. Memory Augmented Deep Neural Network model.
Its structure is shown in Figure 1(c).

(6) MA-W&D. Memory Augmented Wide&Deep model.
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load_data_set():

data_arr = []

label arr = []

f = ( )
line f.readlines():
line_arr = line.strip().split()

data_arr.append([ np.float(line_arr[0]), np.float(line_arr[1])])

label arr.append( (line_arr[2]))
data_arr, label arr




1 bR R [RGB B PR R R SR A 8 S E 2. data_arr Y, ARZSIE
7f label arr #, BUEEIRIGEE 75 E DL 3 Mg L AEAEE txt
AT,

| *TestSet.txt - i0=%E
B #®EE B0 EEN EEH)

1.64930649 -2.025811544 1
3.36699894 -2.19497747 1
1.98704647 -4.88837164 I]|
-4.29873582 2.61512321 1
4.32664528 -2.12917112 1
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sigmoid(x):

1+e—x’

/ (1 + np.exp(-x))

(3) FH=" B E I TR R 2, R

plot_best fit(weights):

matplotlib.pyplot plt
data_mat, label mat = load_data_set()

data_arr = np.array(data_mat)
n = np.shape(data mat)[0]

x_cordl [1]
y_cordl [1]
x_cord2 []
y_cord2 []

i (n):




(label mat[i]) ==
x_cordl.append(data_arr[i
y_cordl.append(data_arr[i

x_cord2.append(data_arr[i
y_cord2.append(data_arr[i
fig = plt.figure()
ax = fig.add_subplot( )
ax.scatter(x_cordl, y cordl
ax.scatter(x_cord2, y cord2
np.arange( -
(-weights[0@] - weights[1] x) / weights[2]

ax.plot(x, y)
plt.xlabel( )
plt.ylabel( )
plt.show()
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grad_ascent(data_arr, class labels):

data_mat = np.mat(data_arr)

label mat = np.mat(class_labels).transpose()

np.shape(data _mat)




max_cycles

weights = np.ones((n ))

k

(max_cycles):

h = sigmoid(data_mat * weights)
error = label mat - h

weights = weights + alpha * data_mat.transpose() * error
weights
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stoc_grad_ascent@(data_mat, class_labels):

m, n = np.shape(data_mat)
alpha =
weights = np.ones(n)

i (m):
h = sigmoid( (data_mat[i] * weights))
error = class_labels[i] - h

weights = weights + alpha * error * data_mat[i]
weights
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stoc_grad_ascentl(data_mat, class_labels, num_iter= ):

m, n = np.shape(data_mat)
weights = np.ones(n)
j (num_iter):

data_index = ( (m))
i (m):

alpha = / ( + Jj + 1) +



https://blog.csdn.net/xmu_jupiter/article/details/22220987

rand_index = (np.random.uniform( (data_index)))
h = sigmoid(np.sum(data_mat[data_index[rand_index]] * weights))

error = class_labels[data_index[rand_index]] - h
weights = weights + alpha * error *
data_mat[data_index[rand_index]]
(data_index[rand_index])
weights

(5) I A2 A IS AR 1 1 X B 2

data_arr, class_labels = load_data_set()

weights = stoc_grad_ascent@(np.array(data_arr), class labels)

plot_best fit(weights)
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